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Iran with an average annual rainfall of 230 mm 1s 1n the categories of semi-and countries. Using water
and optimizing exploitation of water sources has always been considered. Therefore many dams are
built to control water in Iran. One of the most important dams in the south of Iran, in Fars province,
is Doroudzan dam which has an important role as the water provider for the biggest center of wheat
production in Iran. Scheduling to have optimum water exploitation of this resource necessitates
realistic forecasting of inflow to the dam reservoir. One of the methods to forecast inflow to the
rasewmrs 18 tm use neural netwark mc:zelels wmch are cmnmdered n thls paper In this study Onet

Doroudzan dam

The multipurpose earth fill Doroodzan dam 1s located some 85 km.
North West of Shiraz on Kor River and in the Bakhtegan lake
catchment area. Droodzan dam studies and investigation were
carnied out 1n the years 1963 to 1966 and the dam construction
were started in 1970 and was complicated in 1974. The consulting
engineer was Justin & Courtney jointed with Taleghani & Datftari.
The contractor was WRD.

The objectives of constructing Doroodzan dam are as follows:
[rrigation water supply for 110/000 ha.

Supplying parts of urban water needs for the cities of Marvdasht
and Shiraz.

Supplyving industrial water needs of the nearby factories.

Flood control of Kor niver.

Energy generation.

The importance of forecasting inflow to Doroudzan
dam
Forecasting inflow to doroudzan dam has always been
one of the main programs of water resource managers
of this dam and can be considered 1n some aspects:
Planning for exploitation of water resources in future
Planning for the years with water shortage (preventing
drought)

Planning to save water 1n excess of use and change it to

Using the mentioned data different combinations of neural network models were
prepared Using the mentioned data, different combinations of neural network models were S

prepared. Tables 1 to 5 shows combination of different parameters which are used in each Planning to determine consumption patterns and
model for daily, weekly, monthly, seasonal and annual forecasting. Considering amounts of generating energy

data, 80% of data was used for training the model and 20% for testing the model. Evaluating
the models, with parameter combination as mentioned 1n table 6, selected models were
recognized. Correlation results of best models, 1n each case of training model 1s presented 1n
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As 1t was discussed, due to exploitation of Doroudzan dam reservoir, forecasting the inflow can help flood control, generating energy
and determining optimized subculture area so to forecast the inflow to Doroudzan dam using neural network model some neural
network models was provided. Creating different models Onef software was used and forecasting annual, monthly, weekly and
daily inflow 8, 8, 15 and 14 neural network models respectively were used. Some data like daily, weekly, monthly, seasonal and
annual inflow to reservoir, rainfall and the data related to elnino were used 1n these models. The models were prepared with the
combination of mentioned parameters and different time delays by Onef software. Finally some models had better results beside
the others which can be presented models no. Y, YV, V), ¥) and YV as chosen model to forecast daily, weekly, monthly, seasonal
and annual inflow respectively. As it 1s seen, the best adaptation 1s related to weekly inflow models, which can help the energy
generation program. Monthly and seasonal models regardless of less correlation beside weekly models can be used to plan energy
generation from January to April and can be used to determined subculture area.

BEST MODELES IN EACH CASE
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